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WHAT AMERICAN POLITICS IS UP TO. A PEDAGOGICAL STUDY

DENISE Mi1L1Z1A
UNIVERSITA DEGLI STUDI DI BARTI ALDO MORO
denise.milizia@uniba.it

The purpose of this pedagogical investigation, carried out with students majoring in political
studies and international relations, is to show the several advantages of exposing learners to real
and attested language as used by politicians today. For the sake of this analysis, we have chosen
the language of two former American presidents, Barack H. Obama and Donald J. Trump. We
start by trying to reflect the Zeitgeist of the United States over the last decade, and then we at-
tempt to yield phrases and key-phrases, both of a lexical and grammatical nature, elicited from
the comparison of the two governments, with the aim to show the pervasiveness of phraseology,
very often overlooked in mainstream grammars and traditional reference texts. Furthermore,
our concern is also to find out whether the ‘aboutgrams’ emerged by referencing the two presi-
dents against one another can be seen as sociopolitical keys. By so doing, students are exposed
not only to grammar, lexis — and their strict interrelation — and phrases used in political dis-
course, but also to ‘what American politics is up to, being this a section which covers a crucial
part of the course.

The findings seem to suggest a marked contrast in presidential style, with Barack Obama’s dis-
course containing a far higher number of phraseological patterns than Donald Trump’s. The
software used to process the data is WordSmith Tools 7.0.

Keywords: phrases, key-phrases, Keyness, politics, corpus, American presidents

1. Introduction

This paper reports on a project carried out with students majoring in political studies and
international relations, who very often aim at achieving native-like proficiency in speech
and writing.

Taking as our starting point the assumption that the word is a special entity, as Firth!
recognized, but not special enough, because most everyday words do not have an inde-
pendent meaning but are part of a rich repertoire of multi-word patterns that make up the
text, this paper is a quantitative and qualitative investigation of political language, in par-
ticular of two former presidents of the United States of America, Barack Hussein Obama

(2009-2017) and Donald John Trump (2017-2021).

' J.R. Firth, 4 synopsis of Linguistic Theory, 1930-1955, in Studies in Linguistic Analysis, pp. 1-35, reprinted in
Palmer ed., Selected Papers of J.R. Firth 1952-1959, Longman, London 1957.
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The data have been downloaded from the institutional website, www.whitehouse.gov,
and include press conferences, interviews, statements, remarks and speeches proper. The
eight years of Barack Obama total almost 10 million running words, whereas Donald
Trump’s 4 years include approximately 3 million running words.

The purpose of this work is to show the advantages of both teaching and learning a for-
eign language through the use of corpora and real-life language use and, by so doing, yield
the Zeitgeist® of Barack Obama and Donald Trump’s presidencies by extracting keywords
and key-phrases from their spoken data.

Our argument here is that traditional reference books tend to overlook and avoid phra-
seology altogether’, yet if native-like proficiency is the final aspiration of learners, we cannot
get away with phraseology, an umbrella term that encompasses not only phrases and phrasal
verbs proper, but also phrases that are not intuitively felt to be idiomatic*. The combination
of two, three, four or more words varies from language to language, in that these words be-
have like a single chunk, like a “big word™: a phrase is, in fact, a multi-word expression that
functions as a structural and semantic unit, the sense of which is different from the combina-
tion of the senses of the individual items; in other words, the items creating the phrase com-
bine with others to deliver a single unit of meaning’. The inevitable outcome is that, varying
from language to language, collocation and colligation” can confuse and frustrate learners.

Following Searle’s* conversational maxim, “Speak idiomatically unless there is some
special reason not to’, we argue here that if foreign learners are frightened of phrases and
carefully avoid them, they will sound stilted and unnatural in consequence, even because
phrasal verbs are often more specific in meaning than their lexical counterparts, and may
carry different connotations. Students are usually not made aware of these contextual re-
strictions, which are often overlooked in teachers’ and course books’ explanations and defi-
nitions of phrasal verbs and phrases in general.

Corpora are great sources of serendipitous findings, both for teachers and researchers
and for students alike, who very often come up with sophisticated observations.

In this project our students were actively involved in the assemblage of the corpus: the
data were looked at and analyzed in class and students were encouraged to share their in-
tuitions’. In the attempt to establish a non-authoritarian and supportive learning environ-

2 L. Jeffries — B. Walker, Keywords in the Press. The New Labour Years, Bloomsbury, London 2018.

3 D. Milizia, Phraseology in Political Discourse. A corpus linguistic approach in the classroom, LED, Milano 2012.
*]. Sinclair, The Phrase, the whole phrase, nothing but the phrase, in Phraseology: An Interdisciplinary perspective,
S. Granger — F. Meunier ed., John Benjamins, Amsterdam 2008, pp. 407-410.

5 N. Ellis, Sequencing in SLA: Phonological memory, chunking and points of order, “Studies in Second Language
Acquisition”, 18, 1996, pp. 91-126.

¢ D. Milizia, Phraseology in Political Discourse, p. 91.

7 M. Stubbs, Words and Phrases. Corpus Studies of Lexical Semantics, Blackwell, Oxford 2001.

8. Searle, Indirect speech acts, in Syntax and semantics of speech acts, P. Cole — J.L. Morgan ed., Academic Press,
New York 1975, pp. 59-82.

? Needless to say, the success of this approach depends very much on the class size. Boulton (Testing the Limits
of Data-driven Learning: Learning Proficiency and Training, “ReCall’, 19,2007, pp. 37-54) notes that the ideal
number of students is 45, though this figure is boosted by Hafner and Candlin (Corpus tools as an affordance
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ment, we tried to guide the students to the discovery of the foreign language, where the
teacher was a sort of coordinator of research, a facilitator, rather than a dispatcher of truths,
and the students learnt how to learn through the observation and interpretation of pat-
terns of use'. In this respect, corpora allow learners to observe ‘what’ is typically said in
given circumstances and ‘how’ it is typically said, and to relate the two.

In this inductive and self-directed environment, the teacher can abandon the challeng-
ing role of omniscient knowledge provider and wear the honest hat of “learning expert™.
Relying on John’s” memorable statements, “Research is too serious to be left to the re-
searcher”, and “Each student is a Sherlock Holmes”, the metaphor of the ‘learner as traveler’
is greatly advocated here, emphasizing the importance of focusing on the learning experi-
ence rather than its destination.

It is easy to imagine how this change in the roles may be confusing at first, but most
students did appreciate the idea of seeing themselves as active participants in the teaching-
learning process, where personal serendipitous findings may be rewarding and encourag-
ing, even more so when the discoveries are made when least expected. It happened, on
some occasions, that curious words or unknown structures were displayed in the con-
cordance outputs, as will be shown in the paper, and these provided subjects for further
searches and discussions with the rest of the class. Students were thus encouraged to be-
come more autonomous in their studies, formulating their own hypotheses. We can safely
maintain that this autonomy and self-direction were positively perceived, and that this
discovery learning was, in the end, empowering not only for learners but also for teach-
ers, and this is even more true when the teachers are not native-language speakers of the
language they teach. In the case in question, the language taught was spoken political
language which, even though among the many specialized languages is the least distant
from general language, it still carries within itself its complexities and typicalities, both in
lexis and phraseology.

For their end-of-module exam, students were required to deliver their presentation
with their results (this part was worth 50% of the final mark) - trying also to put into
practice the public speaking techniques observed in the many videos of Barack Obama and
Donald Trump watched in class, trying to rely as much as possible on native speaker lan-
guage performance. Bearing in mind that the observation of native norms is a pre-requisite
for autonomy and assertion, students were reminded that fluency is not the only goal in the
learning process, and that restructuring and accuracy play a very important role, as well. If

to learning in professional legal education, “Journal of English for Academic Purposes”, 6, pp. 303-318) who
include 300 participants. Our classes count an average of 150 students.

10S. Bernardini, Corpora in the classroom: An overview and some reflections on future development, in How to Use
Corpora in Language Teaching, ]. Sinclair ed., John Benjamins, Amsterdam 2004, pp. 15-36.

'S, Bernardini, Discovery learning in the language-for-translation classroom: corpora as learning aids, in “Cad-
erno de Tradugao’, 2016, 36, 1, pp. 14-35.

12 T. Johns, From Printout to Handout: Grammar and Vocabulary Teaching in the Context of Data-driven
Learning, “ELR Journal’, 4, 1991, pp. 27-45.

13 P. Skehan, 4 Framework for the implementation of task-based instruction, “Applied Linguistics’, 17, 1996,
pp. 38-62.
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students agreed, their performance and their findings were recorded, and later used for the
benefits of their peers. The videos were posted on our Facebook page.

In the following section, we illustrate the methodology adopted to carry out the pre-
sent research, explaining what is meant by ‘key’ in corpus linguistics and showing how we
yield keywords and key-phrases; in section 3 we explore and compare the two presidents’
word-lists, to investigate lexical and grammatical similarities; in section 4 the wordlists and
the cluster-lists of Barack Obama’s and Donald Trump’s speeches are referenced against
each other to try and see what is prioritized in one administration with respect to the oth-
er; keyness, in fact, as has been argued™, reveals a great deal about differences between the
two corpora, highlighting features which might remain ‘hidden’ to the analyst’s naked eye,
and even to an experienced researcher. In Section 5 we draw some conclusions, further-
ing, once again, the pedagogical argument that using corpus tools enhances the learning
of foreign languages, making the most of corpora as learning aids rather than as sources of
descriptive evidence only.

2. Methodology

The method we propose here is the study of language through real data, and even though
this may sound like a daunting task for both teachers and students, learners respond very
well to being offered corpus data®.

To interrogate our data, we have relied on WordSmith Tools 7.0'%, a suite of software
that offers a number of different tools for different jobs”. The three main tools in the suite
produce lists of various kinds: Concord, KeyWords, WordList. In this research we rely heav-
ily on all of them, but to arrive at the ‘aboutness’ of the politicians in question, we look at
the tool used for comparing corpora, known as KeyWords. Many languages use the meta-
phor ‘key’ to identify people, places, words, ideas as important; so, we might think that a
keyword is simply an important word. While this is certainly true, we feel that more detail
is needed, in that the apparent simplicity of this word masks some complexity. Indeed,
what is meant by ‘Keyword’ is something different from ‘important word, because Keyness
here is defined by frequency, that is, the keywords yielded in this paper are derived by a
specific statistical process. Therefore, a keywords list gives a measure of saliency, whereas
a simple word list only provides frequency®®. Furthermore, as Scott and Tribble" clearly
explain, Keyness is a quality words may have in a given text or set of texts, suggesting that

' P. Baker, Using Corpora in Discourse Analysis, Continuum, London 2006.

5 D. Milizia, Lexis and Grammar in Spoken and Written Discourse, LED, Milano 2016.

16 M. Scott, WordSmith Tools 7.0, Lexically Net, 2017.

7 M. Scott, Comparing corpora and identifying key words, collocations, frequency of distributions through the
WordSmith Tools suite of computer programs, in Small Corpus Studies and ELT, M. Ghadessy — A. Henry - R.L.
Roseberry ed., John Benjamins, Amsterdam 2001, pp. 47-67.

18 P. Baker, Using Corpora in Discourse Analysis, p. 125.

¥ M. Scott — C. Tribble, Textual Patterns: Key words and corpus analysis in language education, John Benjamins,
Amsterdam 2006.
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they are important, they reflect what the text is really about, avoiding any trivia and insig-
nificant detail. What the text “boils down to” is its keyness, “once we have steamed off the
verbiage, the adornment, the blah blah blah™. In his book Keywords, Williams*' defined
them as “significant, binding words in certain activities and their interpretation; they are
significant, indicative words in certain forms of thought”. Williams’ keywords are cultural
keywords, which form a kind of shorthand and shared vocabulary used regularly by those
most likely to be reflecting on society, including politicians, business leaders and academ-
ics, in other words by the movers and shakers in our society®. Just like the research carried
out by Stubbs?, the keywords analysed in this research are statistical keywords, that is, they
are determined by quantitative comparison, and the method for identifying them is based
on repetition: in the case in point, Trump’s corpus is first taken as our node corpus, or fore-
ground corpus, and is compared to Obama’s corpus, regarded as the reference corpus, also
referred to as background corpus. WordSmith Tools allows us to swap the two corpora and
thus the opposite procedure is also applied, even though some studies* have estimated that
the ideal reference corpus should be five times larger than the foreground corpus. The size
of our corpora is approximately what Berber-Sardinha suggests, in that Trump utters 3 mil-
lion words in four years and Obama utters 10 million words in eight years. Abiding by this
suggestion, we should compare Trump to Obama without applying the opposite proce-
dure, but as we shall see, referencing Obama against Trump has also yielded reliable results.

The words that will emerge from the comparison, the keywords in fact, will be good
indicators of what Phillips calls “aboutness”, that is, “what is going on” in the USA, clearly
identifying the leading themes of the years under investigation.

It is likely that in both corpora the most frequent word of all will be #be, but if that
frequency as a percentage of the total number of running words is roughly the same in the
two lists, then #he will not seem outstanding, even if it is frequent®. In such cases #he gets
filtered out. As a matter of fact, most words will be filtered out, but a few outstanding ones
will remain?’.

2 Ibid., p. 56.

' R. Williams, Keywords. A Vocabulary of Culture and Society, Fontana, London 1983.

22 L. Jeffries — B. Walker, Keywords in the Press, p. 4.

2 M. Stubbs, Words and Phrases.

#T. Berber-Sardinha, Comparing Corpora with WordSmith Tools: How large must the reference corpus be? Pro-
ceedings of the workshop on Comparing corpora, 9, Morristown, NJ, USA, Association for Computational
Linguistics, Hong Kong 2000, pp. 7-13.

» M. Phillips, Lexical structure of text, Discourse Analysis Monographs, 12, University of Birmingham, Bir-
mingham 1989.

%€ The word zhe takes up about 6% of the running words in a corpus. Hence, it is highly unlikely, albeit not
impossible, when the key procedure is applied, that the item zbe may be elicited as key.

%7 In this respect, it is rightly argued (P. Baker, Using Corpora, p. 148) that a keyword analysis focuses only on
lexical differences rather than on semantic, grammatical or functional differences, and over-emphasizes lexical
differences neglecting similarities.
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3. Obama and Trump compared

The analysis started by looking at the tool WordList, with the purpose to unveil the most
frequent words uttered by both presidents. A frequency list can help to provide researchers
with the lexical foci of any given corpus®. Carrying out a manual analysis we noticed that,
apart from the first function words (usually the first thirty tend to be grammatical items
such as determiners, prepositions and conjunctions) which perfectly overlap in the two
lists, the first content words in Trump’s and in Obama’s speeches are people® (ranking 32
and 33 respectively) and country (72 and 77). The two lists start to highlight differences
after the first 100 words, displaying top of the list China, nation, border, wall and security
in Trump, and health, economy, care and families in Obama.

Figure 1 - Trump and Obama’s frequency word lists (121-150)

@ o8 EX 142 TGS A1) 10 2400
aon 2z 434 ™ o 8T 10 3 TR

As illustrated in Figure 1, as far as verbs are concerned, zake is used with the same percent-
age in both corpora (0.11% in Trump and 0.11% in Obama), whereas make is the second
most frequent verb uttered by Obama (54), while it occupies a lower position in Trump
(121). This discrepancy caught the students’ attention and we thought it was worth fur-
ther investigation.

Biber ez 4/.*° maintain, in this respect, that the verbs make, take and have are particularly
productive in combining with a following noun phrase to form relatively idiomatic expres-

8 P. Baker, Using Corpora in Discourse Analysis, p. 121.

» The word people was found to always emerge as the first content word in any spoken political corpus (D.
Milizia — C. Spinzi, The terroridiom principle between spoken and written discourse, “International Journal of
Corpus Linguistics’, 13, 2008, 3, pp. 322-350).

3 D. Biber - S. Conrad - G. Leech, Longman Grammar of Spoken and Written English, Longman, London 1999.
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sions. Unsurprisingly, when the KeyWords tool was relied on, make was elicited as a key-
word, thus proving that the reason why it ranks so high is because it lends itself to creating
several phrases, as we shall see shortly.

3.1 Trump vs Obama

Keywords are local and not global, they are context-bound, so that they can be important
here and now but quite ordinary in another context®. As Figure 2 shows, in fact, Keyness
is a quality which is not language-dependent but text dependent®, and border and wall are
not flagged up as key because they play a prominent role in the American language or in
American culture, but because they play a prominent role in Trump’s administration, and
their frequency in Trump’s data is unusually high in comparison with Obama’s. We can
safely say that they identify one of the dominant themes of Trump’s presidency. This result
does not come as a surprise, being Trump’s obsession with illegal immigration, and his per-
sonal fight against any enemy and threat®, very well-known.

Figure 2 - First 60 keywords emerged by referencing Trump’s wordlist against Obama’s wordlist

3 D. Milizia, Keywords and phrases in political speeches, in Keyness in Text, M. Bondi — M. Scott ed., John Ben-
jamins, Amsterdam 2010, pp. 127-146.

32 M. Scott, Problems in investigating keyness, or clearing the undergrowth and marking out trails, in Keyness in
Text, John Benjamins, Amsterdam 2010, pp. 43-57.

3 A. Reyes, I, Trump. The cult of personality, anti-intellectualism and the Post-Truth era, “Journal of Language
and Politics”, 19, 2020, 6, pp. 869-893.
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The keywords displayed in Figure 2 are those which are very frequently found in the study
corpus, Donald Trump’s in the case in point, and rarely uttered in the reference corpus, i.c.
Barack Obama’s. The features which are similar in the RC (reference corpus) and in the
NC (node corpus) will not surface in the comparison, only the features where there is a sig-
nificant departure from the RC will become prominent for inspection®. Interestingly, the
first keywords that inevitably caught the students” attention were adjectives: zremendous,
fantastic, great, incredible, horrible, fake, beautiful, terrible. These adjectives, defined by sev-
eral scholars as belonging to a fourth-grader®, are typical of Trump’s speaking style, which
relies on a narrow range of modifiers and intensifiers*.

The other words that follow are related to the coronavirus pandemic that was sweeping
and still is, at the time of writing, the USA and the whole world indeed, hence it comes as
no surprise that these words were never uttered by Obama, having in fact 0 occurrences in
the reference corpus, such as testing (12), coronavirus (14), ventilators (16), covid (28), and
distancing (58). All the other words connected with the covid-19 pandemic like virus (18),
vaccine (25), masks (27), Fauci (30), disgrace (46), pandemic (55), were instead uttered by
Trump on different occasions, even though with a much lower percentage.

As we were expecting from the WordList, both border and wall were also flagged as key,
generating the greatest statistical prominence when compared to the reference corpus, and
have thus become prominent, standing out like the lumps of ice which happen to be above
the water-line in an iceberg®. Functionally identical, border (19) and wall (110) have both
come to be defined as the “signature” of Trump’s presidency, together with fzke (31)* and

3 M. Scott, In Search of a Bad Reference Corpus, p. 81.

» R. Tolmach Lakoff, The hollow man: Donald Trump, populism, and post-truth politics, in Right-Wing Populism
in Europe & USA. Contesting Politics & Discourse beyond ‘Orbanism’ and “Trumpism’, “Journal of Language and
Politics’, 16,2017, 4, pp. 595-606.

3¢ M. Montgomery, Post-truth politics?: Authenticity, populism and the electoral discourses of Donald Trump, in
Right-Wing Populism in Europe & USA. Contesting Politics & Discourse beyond ‘Orbanism’ and “Trumpism’,
“Journal of Language and Politics, 16, 2017, 4, pp. 619-639.

%7 Anthony Fauci is an American physician-scientist and immunologist who served as the director of the U.S.
National Institute of Allergy and Infectious Diseases (NIAID) and the chief medical advisor to the presi-
dent. During the COVID-19 pandemic, Dr. Anthony Fauci was one of the lead members of President Donald
Trump’s White House Coronavirus Task Force.

3 M. Scott, The importance of Key Words for LSP, in Information Technology in Languages for Specific Purposes,
Educational Linguistics, E.A. Macia — A.S. Cervera — C.R. Ramos ed., Springer, Boston 2006.

% The word fake (ranking 31 in the KW list) has also been defined as the “signature’, as it were, of Trump’s
discourse, found mainly in company with zews. The lexical item fake news has been co-occurring since Trump’s
first presidential campaign and election in 2016 and is still today an ongoing phrase. Donald Trump popular-
ized the term, regardless of the truthfulness of the news, and he started to use it to describe the negative press
coverage of himself, and to refer to anything he disagreed with. Other frequently used patterns carrying the
same meaning of fake news are post-truth, alternative facts, lies. In 2016 post-truth was declared international
word of the year.
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hoax (57)*. The other words in the list, southern, patrol, enforcement, illegal, steel*, drugs,
aliens, criminal, barrier, traffickers, miles®, Mexico are all semantically linked to border and
wall, namely to Trump’s obsession with the ‘Other’, the foreigner, the outsider, the stran-
ger, what Wodak# calls the “post-modern stranger”, namely migrants and refugees. Don-
ald Trump was adamant in repeating in his presidency that the world is a nasty place and
wise nations should build a wall* to keep the enemy out. The word immigration, around
which Trump’s main worries revolve, ranks 68 in the Keywords list, followed by sanctuary,
criminals, customs, smugglers, crime, trafficking, arrested, sheriffs, DACA, DREAMERS®.

Another keyword displayed in Figure 2 that aroused the students” interest and cried
out for further analysis was Appreciate (45): the word was thus processed and, relying on
the Concord tool provided by WordSmith Tools, it turned out that Appreciate, as well as I
appreciate, I appreciate it, I appreciate it very much, I appreciate you being here, ranks so high
because it is mostly used, in Trump’s corpus, as a synonym of Thank you.

This preferred choice of Trump can most certainly be regarded more as a marker of
style rather than aboutness, as a matter of fact it always emerges as key when a British
corpus is compared to an American corpus. In the present study, both corpora include
American speeches, thus if the word popped up as key it means that Trump’s frequency was
statistically significant with respect to Obama’s.

The pattern Appreciate/I appreciate/I appreciate it is indeed very frequent in spoken
American English, yet mainstream grammars and books either tend to overlook this vari-
ety of Thank you altogether, or give scant attention to it“. As mentioned earlier, students
involved in this project, majoring in political science and international studies, are very

# The word hoax (ranking 57 in the KW list), semantically connected with fake, is uttered 302 times by Donald
Trump in his 4-year government. It is something accepted or established by fraud or fabrication and in Trump’s
corpus collocates mainly with impeachment and with Russia.

' In Trump’s corpus the word stee/ collocates, in adjectival position, mainly with barrier and with wall.

“In Trump’s corpus the word miles is used in the vicinity of wall with the purpose to boast about the 450 miles
of wall he had managed to build on the southern border between the United States and Mexico.

# R. Wodak, “Strangers in Europe”: A discourse-historical approach to the legitimation of immigration control
2015/16, https://www.researchgate.net/publication/322939906_Strangers_in_Europe_A _ discourse-histor-
ical_approach_to_the_legitimation_of_immigration_control_201516 (last accessed November 12, 2021).

“ “It’s gonna be a great wall’, Trump said on a Sunday program. “This will be a wall with a big, very beautiful
door because we want the legals to come back into the country” (R. Wodak — Strangers in Europe).

% The words DACA and DREAMERS are often found together: the acronyms DACA, Deferred Action for
Childhood Arrivals, and DREAMERS, Development, Relief and Education for Alien Minors, refer to immi-
grants who arrived in the USA undocumented and unauthorised when they were children. Passed by Barack
Obama in 2012 with the purpose to give temporary, renewable protections to these young people, the program
meant to allow them to live, study and work in America, instead of living in the legal shadows, fearing deporta-
tion. In 2017 Donald Trump ordered an end to the DACA program, and in 2020 the Supreme Court blocked
the Trump administration’s attempt to end DACA.

% In previous research (D. Milizia, Automating phraseology: an empirical method, in Modern Developments
in Linguistics and Language Teaching: the problem of method, TV. Dubrovskaya ed., Methods in Linguistics,
Penza 2019, p. 266-271) the word Absolutely came up as key when the American spoken corpus was referenced
against the British spoken corpus. Students were puzzled to find out that 4bsoluzely is, in American English, a
frequent answer to Thank you, i.c. a synonym of Youre welcome.
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Figure 3 - Concordance lines of Appreciate in Donald Trump
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keen on achieving native-like fluency” and, even though they are not likely to become
language professionals®, one of the main skills they will need in their professional lives is
giving presentations: what they mostly need is “record language spoken in situations in
which they are likely to find themselves™.

Corpus-based analysis allows researchers to identify widespread patterns of naturally
occurring language as well as rare instances®, and words such as whistleblower, ranking 60
in the keywords list (Figure 2), uttered 233 times by Donald Trump and only once by
Barack Obama, would have most likely been neglected without the benefit of a corpus.
Words which occur once only are called ‘hapax legomena, ‘hapaxes’ for short, and they
are very often as interesting as highly frequent words. The high discrepancy in the use
of the word whistleblower between Trump and Obama — which did not go unnoticed by
students, who were not even familiar with the meaning of the term — clearly points to the
fact that the act of whistleblowing was quite a concern for Trump and hardly an issue for
Obama. Using the Concord tool and looking at its common patterns of co-occurrence was

4 In the oral presentation of their final task, students made huge efforts to sound as native-like as possible,
relying on typicalities of spoken English, e.g. pauses, hesitators (er, um), repeats (I — I - I), repairs, false starts,
and ellipses.

“® A. Mauranen, Speech corpora in the classroom, in Corpora and Language Learners, G. Aston - S. Bernardini -
D. Stewart ed., John Benjamins, Amsterdam 2014, pp. 195-211.

# G. Aston - S. Bernardini — D. Stewart, Introduction: Ten Years of TaLC, in Corpora and Language Learners,
G. Aston - S. Bernardini — D. Stewart ed., John Benjamins, Amsterdam 2014, pp. 1-18.

50 P. Baker, Querying Kewords. Questions of Difference, Frequency, and Sense in Keywords Analysis, “Journal of
English Linguistics”, 32, 2004, 4, pp. 346-359.
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revealing: it was found out that it was linked to the impeachment inquiry started by US
House of Representatives Speaker Nancy Pelosi, who accused Donald Trump of election
interference and abuse of power. This is how the students found out that “a whistleblower
is someone who finds out that the organization they are working for is doing something
immoral or illegal and tells the authorities or the public about it™'.

It is therefore unlikely that the word whistleblower would have been brought up to our
attention at all, had it not been for the fact that it was flagged as key when Trump was
compared against Obama.

Needless to say, this lexis turned out to be very useful for students majoring in politi-
cal science, as we currently lack books teaching political language, and traditional refer-
ence texts commonly used do not provide much help in terms of guidance to the stu-
dents in this respect. This is where corpora, both small and large, can help, by providing
students not only with grammar, lexis and phraseology, but also with fresh and topical
political issues.

3.2 Obama vs Trump

As discussed previously, despite Berber-Sardinha’s® suggestion that the reference corpus
should be five times larger than the node corpus, there is no consensus as to what would
be a suitable reference corpus size. However, it has been shown* that keywords identified
even by an obviously absurd RC can be plausible indicators of aboutness, which reinforces
the conclusion that keyword analysis is fairly robust.

Swapping the two corpora, and referencing two terms of Obama against one term of
Trump, we will be able to intuit Barack Obama’s main concerns: the words that emerge
from the comparison are indicative of Obama’s administration, as well as of his style,
like sure, kids, folks, guys, for example. It was soon apparent that most of the words that
emerged from the comparison appear to belong to the same semantic field: education,
college, young, school, students, teachers, loans, give a reasonably good clue to what Obama’s
corpus is about.

5! Collins Cobuild English Dictionary, www.collinsdictionary.com/it/dizionario/inglese/whistle-blower (last
accessed November 12,2021).

52 T. Berber-Sardinha, Comparing Corpora with WordSmith Tools.

53 M. Scott, In Search of a Bad Reference Corpus, in What's in a Word-list? Investigating word frequency and
keyword extraction, D. Archer ed., Oxford 2009, pp. 79-92.
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Figure 4 - First 60 keywords emerged by referencing Obama’s wordlist against Trump’s wordlist

32016 vy Donald Trumyp 2076 to todaydws — u] o (i Busncx Obame 2009-2006 vs Denatd Toump 2016 to todsy ke — o b

Fls Edit Vew  Computs Siflings  Windosa  Helg Fils Eddin Wit Compute Seftingn Win e Fiduct 8 icona |
H Ky wulq Fl\eql '\{RC Flh’.l[ AC. '4 Heyn!s{ H Keymlq Fllql 'I‘q RC Fr:u[ RC ‘34 K..eyne:4 -
1 THATS 21487 657 [} 1,757 56 H CARE 11056 309 150 (R 22612
2 s 18774 525 i 1404 52 2 DIDHT 3006 OB4 f 247
3 WERE 18143 508 L] 1,351 74 x| HSURANCE 5810 163 k] om 22360
4 WEVE W57 407 n 1086 &7 H WHATS 2981 0@ ] Frr g
5 ™™ 11642 326 n 870 65 L] STLL se9% 249 e 00a 2
] CONT 11343 397 n g 27 El LETS 2912 082 0 2T e
¥ OgAMA 1113 312 15 oM 4005 E1d WORK 21546 6037 443 DAz 202.81
g YOUPRE 6960 195 n 52038 ) STUDENTS 3812 1.0 12 201.99
9 THEYRE 6928 1o L} 517.98 k) CLASS 5757 161 44 oM 197.78
n SURE 13427 176 95 0.0 500,65 40 ENERGY E &30 1893 T 0oz 18461
Ll HEALTH 1129% 116 &0 oo 487 62 4 AS F1BSE 451 1.382 0 19330
12 TOIIATET 9313 10382 a9 440 15 42 MIDDLE 5 508 1.65 &2 o 188 63
12 WE 5182 145 o 387 40 43 CHANGE E57% 184 LT 18519
LL) EOUCATION 6817 19 L] rias 44 WHY T2 328 L] 0.05 18412
5 KIDS B086 227 w om 36471 45 SOME 2807 &4t 02 o 18037
1E CANT 4620 129 L] 538 468 OWH 651 154 T8 602 17682
17 FOLKS 10,525 2195 a7 .M 3402 a7 HES 2298 0B84 ] T1ES
18 HOW 18356 6531 298 0.08 3162 48 ECONOMY 11,064 3 180 005 171439
13 COLLEGE 5 .6BD 159 117 310,45 45 IS 106 765 2988 3,853 [ K. 17016
0 THERES 1343 110 0 29476 L1} THEIR 33,300 a3 30 [1a] 167 46
Fal YOUVE 3935 110 n 2594 18 51 ISSUES 4438 1.24 L] ] 16670
22 THAT 216305 6054 67X} 168 20929 52 BETWEEN 5055 141 43 01m 16582
2 WAKE 25684 718 486 0.4 200.86 53 DOESHT 2140 060 0 155.96
L GOT 22394 627 408 o1 27986 o4 THEYVE 2133 0.50 ] 155.44
. WHO 38285 1072 & 0.24 2Ta.7 85 WELL 2030 058 o 156.22
i MRS 5,142 142 L 2608.52 56 TEACHERS Z.47T0 059 4 151.66
i YOUNG 9.0 252 ar 002 26712 57 LAUGHTER 21,002 588 476 013 148 53
i BARACK 3302 D032 1 23524 :) HELP 11214 114 k] 0E 141 50
2 P 450 126 U] 23033 ] FUTURE E.3502 183 a8 603 132 53
30 SCHOOL 5968 167 oo 22909 B0 EDT 2893 081 14 1MEE

« » || )

o [oet | ks | chawiers | rllrumu_!ml mouToe bt | o | siat |&| cissars | mesames [ notes [ source s |

i B e

The two words in Figure 4 that clearly point to aboutness and reinforce the robustness of
keywords’ analysis are health (11) and care (31). As we shall see in the following paragraph,
the two words together, forming the cluster health care, will emerge as key when referenc-
ing Barack Obama’s vs Donald Trump’s two-word list.

Another key in the list is make (23), which is usually given thorough and careful atten-
tion in traditional L2 grammars*. The verb make was subject of interesting discussions in
class, and a close look at its environment soon showed that it was identified as key because
it lends itself to creating several phrases, as we shall see in the clusters list*.

Students were surprised to find that the word change (43) cropped up as key, in that
they were expectingit to pop up more in Trump’s list rather than in Obama’s, being Trump’s
desire to overturn everything his predecessor had done very well-known. Thus, bearing in
mind that phrases or clusters are better indicators of aboutness than the single word, the

54 The verbs make and do are usually covered quite in detail in traditional texts, as foreign learners tend to
confuse them and treat them as interchangeable. Indeed, these two verbs are not synonyms and thus do not
share the same collocates. Corpus linguistics, in this respect, disambiguates the meanings of these two verbs
very clearly (for further details on the use of make and do, see D. Milizia, Researching, travelling and exploring:
spoken political corpora in the classroom, in Memory and Vision, Liguori, Napoli 2012, pp. 96-108).

% Students observed that keyness around make (280.86, column 6, Figure 4) would have been much higher had
Trump’s corpus not included 128 instances of make America great again.
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word change was processed using Concord, to see which words it was found to co-occur
with. It was thus interesting to find out that in Obama’s corpus the first most frequent col-
locate of change is climate, forming the cluster climate change. This strength of attraction
did not come as a surprise, if we consider both Barack Obama’s concern in climate change
and global warming and Donald Trump’s disinterest towards this existential threat, that
pushed him, at the beginning of his administration in 2016, to start the procedure to with-
draw from the Paris Climate Agreement*.

From a pedagogical point of view, working with keywords in the classroom turned out
to be very fruitful and practical: it proved to be a variant on old un-pedagogical supplying
of a glossary prior to reading the text, and it boosted confidence and reduced tension and
stress of reading long speeches.

As is clear from Figure 4, and as Scott and Tribble” point out, nouns and proper nouns
make up a good part of a KW list, nearly 70% of the KW types, so Trump’s list threw up
nouns like Fauci, Pence, Mike, Ivanka, and Pompeo, and Obama’s list threw up Michelle,
and down in the list Malia, Jill and Sasha.

4. Phrases and key-phrases in the USA
4.1 2-word phrases

As to the terminology used in this paper, we have decided to use the word ‘phrases, as well
as ‘clusters™, namely a group of words which follow each other in a text. Phrases and clus-
ters are fundamentally what Biber ez 4. call ‘lexical bundles’ However, multi-word units, i.e.
words which combine in a recurrent way for no reason other than habit and convention®,
have attracted a variety of labels, such as collocations, chunks, prefabs, chains, concgrams,
n-grams. While instances of n-grams, i.c. bi-grams, tri-grams, and so on, are instances of
word associations that are strictly contiguous in sequence, skipgrams and phrase frames
describe non-contiguous word associations which occur in a fixed sequence of use, e.g. the
past three years, the past few years.®

In this section we shall look at bigrams, even though it is usually assumed that two-
word sequences are too short and numerous to be interesting®, and that more often than

5¢ The withdrawal process took four years to complete, and the United States, paradoxically, withdrew from
the agreement on election day, November 4, 2020. They officially rejoined on 19 February 2021 under the new
administration with President Joe Biden.

" M. Scott, In Search of a Bad Reference Corpus, p. 80.

¥ M. Scott — C. Tribble, Textual Patterns, p. 204.

52 A. Renouf - J. Banerjee, The search for repulsion: a new corpus analytical approach, in Studies in Variation,
Contracts and Change in English, Volume 2, Towards Multimedia in Corpus Studies, Research Unit for Variation,
Contacts and Change in English (VARIENG), P. Patha - I. Taavitsainen — T. Nevalainen - J. Tykko ed., Uni-
versity of Helsinki 2007.

% D. Milizia, Classifying phraseology in a spoken corpus of political discourse, “ESP Across Cultures’, 2006, 3,
pp- 41-65.

' D. Biber et al., ibid., p. 992.
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not they do not carry meaning on their own. Interestingly, though, the two-word grams list
generated here has led us to a number of interesting observations.

Since phraseology does not make a sharp division between grammar and lexis/seman-
tics®, Figure 5 displays both patterns of a lexical nature and grammatical nature. For the
purpose of the present study, we shall look at both patterns, bearing in mind that patterns
of a strongly grammatical nature are those which cause greater problems to learners.

As we can see in the list below, the first two-word grammatical phrase in Obama’s dis-
course is make sure, followed by you know, as well, right now, out of, out there. The patterns
kind of and you guys, typical of spoken language, are regarded here more as indicators of style,
like an idiosyncratic feature of the speaker. Health care and climate change, as mentioned ear-
lier, popped up top of the list, clearly pointing to the main priorities of Obama’s government.

In Donald Trump’s corpus, apart from the bigram yox krow (24), no patterns of a gram-
matical nature were identified, nor any sequence of a lexical nature that might be regarded
as indicators of concern of the time. We may argue, in fact, that the sequences our country
(42), the world (60), and American people (94) are quite general and not clear pointers to
the main issues of debate.

Figure 5 - Two-word clusters in Barack Obama and Donald Trump®

Obama Trump
TO MAKE YOU KNDW
MAKE SURE OUR COUNTRY
HEALTH CARE THE WORLD
YOUu ENOW AMERICAN PEOPLE
THE COUNTRY TO MAKE
AS WELL THIS COUNTRY
RIGHT NOW CUR NATION
TOUNG PEQOPLE LOOK AT
OUuUT OF G0 AHEAD
KIND OF RIGHT NOAW
AMERICAN PEOPLE LAW ENFORCEMENT
THE PEOPLE OuUT OF
YOL GUYS MNORTH EOREA
OUR ECONOMY TALKING ABOUT
THE ECOMNOMY THE BORDER
OUT THERE | MEAN
THINK ABDOUT AS WELL
MAKING SURE APPRECIATEIT

€ J. Sinclair, Preface, in Phraseology: An Interdisciplinary perspective, S. Granger — F. Meunier ed., John Benja-
mins, Amsterdam 2008, pp. xv-xviii.

6 The data included in Figure 5 was cleaned by removing close class items, i.e. function words with little or
no lexical content, in that our purpose here was to focus on more lexically-rich’ bigrams, as well as on ‘col-
locational framework], that is the co-occurrence of grammatical words, which constitute the essential building
blocks in phraseology.
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Only scrolling down the list did we manage to get to some complete units of meaning,
both functional and lexical: ook at, go abead and talk about appear to be the three most
uttered phrasal verbs; 7ight now and out of were also identified, just like in Obama’s corpus,
despite the different ranking. The two-word clusters I mean and as well appeared down the
list, followed by Appreciate it, ranking 274*. Relying on the tenet that frequency is a guide
to importance, it follows that our country/this nation, law enforcement, North Korea, the
border, the wall, the virus, the election, and the media point to frequent, hence important,
topics of debate in Trump’s government.

Students hypothesised that the high frequency of the bigram 70 make (97) was due to
Trump’s populist intention of completing a hyperbolic task: z0 make America great again®.
This was in fact confirmed in the four- and five-word clusters list.

As illustrated in Figure 5, the bigram you know is shared by both presidents, and it is a
very frequent insert in spoken American English. Inserts are peripheral to grammar, and
they often occur as ‘stand-alone’ elements, usually between commas, contributing to the
management of the interaction. You know and I mean can be regarded as a pet phrase in
spoken English that native speakers use quite heavily, and they can be found together in the
extended phrase You know what I mean, if you know what I mean.

What we are trying to argue here is that we firmly believe that it is important to integrate
phraseological units like 1 mean, you know, kind of, you guys, you folks, or longer units as we
shall see shortly, e.g. You know what, let me tell you, I will tell you, a whole bunch of, the truth of
the matter is, the fact of the matter is, at the end of the day, into curricula as one of the central
foci of foreign language learning, not just the fun intervals between more demanding sessions.

We believe in fact that speaking should get much more coverage in pedagogical gram-
mars; indeed, most descriptive reference texts are still essentially based on standard written
language, and therefore do not reflect the structures of spoken language adequately. In our
courses spoken language is greatly advocated, in that we have disposed, along with Hal-
liday®, of the myth that spoken language is lacking in structure, indeed “it is every bit as
highly organized as the written — it couldn’t function if it wasn’t”.

The other bigram that both presidents share is as well, which is indeed quite overlooked
in traditional reference texts, yet very frequent in spoken English. While students are all
familiar with the lexical item 00, they need to be aware of the fact that as well and #00 are
identical in terms of semantics, and that they both have a powerful tendency to end texts,
avoiding occurring at the beginning of texts®.

Looking at Figure 5, the other bigram that caught the students’ attention is ouz there
uttered very frequently by Obama, which will emerge as key when referencing Obama vs
Trump. Out there is the typical example of opaqueness when it comes to the definition of
phraseology, in that both oxt and there lose their original meaning and, when combined,

“ A. Reyes, I, Trump, p. 869.

¢ M.A K Halliday, The spoken language corpus: a foundation for grammatical theory, in Halliday in the 21*
Century, J. Webster ed., Bloomsbury, London 2004, pp. 9-38.

% M. Hoey, Lexical Priming. A new theory of words and language, Routledge, London 2005.
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acquire a new meaning. Besides, it is one of those patterns that students tend to avoid alto-
gether, finding no counterpart in their L1.

Relying on the keyword tool, i.e. comparing Obama versus Trump, the following func-
tional keyword-clusters were generated: make sure — ranking 5* in Figure 6 — and, further
down in the list, az stake, out there, work hard, hard work, as well. We were surprised to see that
as well emerged as key, as the bigram was ranking top of the list in both corpora, but obviously
the difference in percentage of occurrence was quite high: 0.05% vs 0.03% respectively.

Figure 6 - Two-word key-clusters — Obama vs Trump (1-30, 61-90)

It is important to highlight, at this point, that when it comes to keywords and key-clusters,
the patterns will be made up, more often than not, of lexical rather than grammar words,
unless there are some grammar patterns which show a significant departure, in terms of
frequency, from the reference corpus, as in the case in point.

It came as no surprise that 7m2ake sure ranked top of the list: we can probably claim that
make sure can be regarded as Obama’s functional signature, as it were, explaining thus why
the verb make ranks so high both in the wordlist and in the keywords list.

The two-gram work hard (122), and its constituent variant hard work (140) are worthy
of further consideration. When talking of attraction, indifference and repulsion between
words®, work hard/hard work are an excellent example of very strong attraction. In this

& M. Bondi — M. Scott, Keyness in Text, John Benjamins, Amsterdam 2010.
% A. Renouf - J. Banerjee, The search for repulsion, hteps://varieng.helsinki.fi/series/volumes/02/renouf_ba-
nerjee/ (last accessed November 12, 2021).
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respect, students stated that the strength of attraction between these two words clearly
explains the meaning of concgram, or even better the meaning of skipgram. Even though
in the first case work is a verb and in the second is a noun, the words are attracted to each
other to the left and to the right, displaying not only adjacent associations like hard-worker
and hard-working people, but also discontinuous phrasal frameworks® such as a hard day’s
work, how hard you work, Iraqis are hard at work, work twice as hard. To investigate the
relationship between these two items, we have also relied on another piece of software,
ConcGram™, with the purpose to illustrate how they attract each other also at a distance.
It cannot be denied that all these intervening words dilute the collocation, yet, despite the
intrusion, an endocentric relation still holds between the two words™, namely they are
combined to create a single semantic entity:

Figure 7 - work hard and hard work in ConcGgram
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® W. Cheng, Concgramming: A Corpus-Driven Approach to Learning the Phraseology of Discipline-Specific
Texts, CORRELL, Computer Resources for Language Learning, 2007, 1, pp. 22-35. M. Warren — C. Greaves,
Concgramming: A Computer-Driven approach to learning the phraseology of English, ReCALL, 19, 2007, pp. 287-
306. W. Cheng — C. Greaves — M. Warren, From N-Gram to Skipgram to Concgram, “International Journal of
Corpus Linguistics’, 11,2006, pp. 411-433.

70 C. Greaves, ConcGram software program, 2005.

71]. Sinclair — A. Mauranen, Linear Unit Grammar. Integrating Speech and Writing, John Benjamins, Amster-
dam 2006.
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Learners’ dictionaries, as well as traditional reference books, do not include this kind of in-
formation: the strong relationship between words often goes unnoticed to native speakers,
who take it for granted, but foreign learners need to be made aware of words’ combinations
and distribution.

We can safely conclude that two-word n-grams merit the most attention™, and that
contrary to common belief according to which two-word clusters are less interesting and
less revealing than longer clusters, we managed to elicit Obama’s most important preoc-
cupations from the bigrams list: health care, young people, middle class, clean energy, our
economy, climate change, our children, Al Qaeda.

When the opposite procedure was applied, and Trump was referenced against Obama,
what first caught our attention was the repetition of adjectives used as intensifiers, e.g. very
very, many many, great great, and really great, which are indeed idiosyncrasies of the speak-
er, rather than two-word grams proper. As already mentioned, Trump’s speaking style,
which resembles a fourth-grader’s language, is unbuttoned and direct, with unmistakeable

7> C. Greaves — M. Warren, What can a corpus tell us about multi-word units?, in The Routledge Handbook of
Corpus Linguistics, A. O’Keeffe - M. McCarthy ed., Routledge, London 2010, pp. 212-226.
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markers of extempore speech, laced with repetition, not only of single lexical items but also
of entire phrases™.

Trump’s main concerns were somehow expected: the virus, the wall, the coronavirus,
the border, fake news, North Korea, southern border, the media, border security, replace
Obamacare, America first, chain migration.

4.2 3-word phrases

It has been shown™ that most prefabricated units are fairly small, i.e. between two and
three words, and that there has been a good deal of interest in elements which are “between
the word and the clause™, yet phraseology does not occupy a definite constituent status in
traditional grammatical models.

Just like two-word combinations, three-word combinations are also extremely numer-
ous, but they can be considered a kind of extended collocation, even though still less in-
teresting as textual building blocks than four-word combinations, which are indeed more
phrasal in nature. On several occasions, in fact, they still need other words to create a com-
plete unit of meaning. If we look at the list of the two former presidents, the discrepancy
in the use of phraseological language between them stands out clearly: apart from some
of the clusters that they share, e.g. a lot of, men and women, on behalf of, by the way, a little
bit, God bless you, a couple of, Donald Trump’s list exhibits much fewer recurrent combi-
nations in the set limit of the first 120 clusters, e.g. look forward to, take care of; and take
a look. Conversely, in Obama’s list, the most common three-word clusters, beyond those
shared with Trump, are to make sure, around the world, across the country, all of us, as well
as, in terms of. Position 119 is occupied by You know what, which, as mentioned above,
is regarded as a typical feature of American spoken discourse. In Obama’s corpus every
single day, have a seat, in order ro follow, together with as long as, further down in the list.
Unsurprisingly, repeal and replace, in relation to Obamacare, is a very frequent binomial
in Donald Trump’s corpus.

When we looked for aboutness referencing Obama vs Trump, it was utterly unsurpris-
ing that make sure that/to make sure/making sure that ranked top of the list in the key-
clusters list, followed by the middle class, have a seat, around the world, as a consequence.

73 It has been argued (M. Montgomery, Post-truth politics?, p. 628) that the phrasal repetition seems to serve
the purpose of reinforcement. Although sections of his speeches are undoubtedly scripted, there is no doubt
that Trump prides himself on his ability to speak off-the-cuff, with little preparation. Even though repetition
provides an important form of cohesion, Trump uses it mainly to reinforce a sense of someone speaking directly
to his audience.

7 E. Dabrowska, Some Psychological and Neurological Constraints on Theories of Grammar, Edinburgh Univer-
sity Press, Edinburgh 2004.

75 ]. Sinclair — A. Mauranen, Linear Unit Grammar, p. 39.
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Figure 8 - Three-word key-clusters — Obama vs Trump (1-60)
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It is interesting that as a consequence (35) has 0 occurrences in the reference corpus, just
like health care system (49) and health care reform (56). In line 17, have a seat seems to
be Obama’s favourite way to ask people to sit down, as opposed to only 9 occurrences in
Trump’s corpus. The use of the phrase please, have a seat was already investigated in previ-
ous research’, when this cluster emerged also in the study of George Bush’s discourse who,
instead, used to say please, be seated. Thus, also in this case, a comparison was carried out
and was found that Donald Trump’s preferred choice would rather be please be seated and
please sit down, but never have a seat.

Swapping the corpora and referencing Trump against Obama, no results which had not
already been noted by the naked eye in the clusters list were unveiled (e.g. repeal and replace,
we appreciate it”, take a look, billions and billions), but only the collocation make a deal.

Along with Sinclair”, common lexical bundles may have both a literal and an idiomatic
meaning, like the above as long as and as well as. The pattern as well as means ‘in addition
to, and as long as is less formal than the semantically similar provided that and providing
that, meaning ‘if and only if7: these structures are different from as generous as, as high

7¢ D. Milizia, Phraseology in Political Discourse, p. 20.

77 Appreciate has emerged as key in Donald Trump’s corpus as an individual word, as a two-word cluster, appreciate
it, and as a three-word cluster, we appreciate it. All three ways are commonly used to say thank you (Figure 3).

78 J. Sinclair, Reading Concordances, Pearson Longman, London 2003.

7 R. Quirk - S. Greenbaum — G. Leech - J. Svartik, 4 Comprebensive Grammar of the English Language, Long-
man, London 1985.
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as, as quickly as, as simple as, and the evidence of the data shows that most of the as *as
phrases are idiomatic, e.g as soon as and as far as. A last word should be said about as well
as: students should be made aware of the fact that the trigram as well as is not semantically
related to the bigram as well, and that both bundles should be stored in the mind as a single
and independent big item.

4.3 4-word phrases

As mentioned previously, four-word combinations are considered the most interesting and
the most phrasal in nature, thus worthy of deeper analysis. It is worth highlighting that, in
the teaching process, we tend to prioritize mainly those clusters which do not have a per-
fect counterpart or deviate significantly from students’ L1*, because those are the ones that
cause more troubles and deserve special attention. Obviously enough, four-word clusters
such as a lot of people/a lot of folks/a lot of money, or at the same time, which emerged top of
the list, or even longer phrases like erase from the face of the earth, which have a perfect equiv-
alent in students’ L1 — at least in Italian — are hardly taken into consideration in our classes.

Thus, the focus is mainly on those clusters whose words may be familiar as individual
items but, when combined, lose their original meaning and acquire new meanings.

Figure 9 - Four-word clusters in Obama and Trump
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8 N. Nesselhauf, Learner corpora and their potential for language teaching, in How to Use Corpora in Language
Teaching, ]. Sinclair ed., John Benjamins, Amsterdam 2004, pp. 125-152.
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As in the previous lists, also in the four-word clusters list Obama exhibits much more phra-
seological language than Trump, thus we find ourselves in front of a few shared formulaic
expressions, e.g. when it comes to, I look forward to, all across the country/all over the country,
and four-grams like lez me tell you, a whole bunch of, in the first place, please have a seat in
Obama vs I will tell you, all of a sudden, in Trump. Make America great again (often abbre-
viated as MAGA), Trump’s recurrent slogan in his successful 2016 presidential campaign,
was borrowed from Ronald Reagan’s “Let’s make America great again” in his successful
1980 presidential campaign. Trump’s use of the phrase has become one of the most reso-
nant campaign slogans in recent history.

The four-word cluster I look forward to will emerge in the seven-word cluster I /ook
Jforward to working with you, as the most frequent cluster in spoken discourse: this is, in
fact, a typical example of routinized and conventional building blocks in spoken political
corpora, used primarily at the end of debates.

The recurrent sequence [ will tell you in Trump seems to be the counterpart of lez me tell
you in Obama, both typical American spoken clusters, regarded more as indicators of style
rather than aboutness, like an insert or stock phrase, whose purpose is often to contribute
to the management of the interaction. Figure 10 displays the four-word key-clusters gener-
ated by referencing Obama against Trump:

Figure 10 - Four-word key-clusters — Obama vs Trump (31-61, 121-150)

Interestingly but not surprisingly, some key-clusters coincide with the clusters, e.g. 2/l across
the country, a lot of folks, a whole bunch of, please have a seat/everybody have a seat, let me tell
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you. Evidently, the four-gram the war in Iraq (34) was uttered on 0 occasions by Trump,
just like if you work hard (42), over the long term (55), and don’t ask don’t rell* (90).

The four-word cluster 7o figure out how (123) rightly emerged as key, being uttered 319
times by Obama vs 14 times by Trump. The phrasal verb figure out appears among the most
commonly used verbs in American spoken politics, its equivalent British counterparts be-
ing work out and suss out®.

This verb immediately aroused great interest in students and provided further discus-
sions with the rest of the class: they observed that the verb occurs almost always with #rying
to to the left, and how to and a way to/ways to to the right: these patterns are so common
that they seem an inherent component of the verb itself. Yet, no clear and detailed guid-
ance is given in traditional reference texts as to the typical behavior of such verbs, that is
their preferred collocates, the ‘best friends’ they like to occur with.

Figure 11a - Concordance lines of figure out a way to in Barack Obama

gl e P S Socamenes gy pa - e Otema oo - o =
i e Compuis jemeg Biedoes By

We'ra not going In heow @ our hands Popalessyy, Ho, wa're gong to figure out & Better wry 10 do P thing And wane afer wara of
. bl you'ra night — wa also want the iradionsl indusines B be able to figure oul, A, how do o upgrecs what we 90 1o mako tham
piovcing nid 1o Oeplacod parsans msde of Sucan And we have bo figure oul & mechaniam to gol Thosa NGOs back in place, o
o changod = e (ecognison Swooghan Eunsga that § s hard tor them bo figure out & reclps for growih of Fes pont o par hocasa ol e
ot thay same goal This gueshon =, an wa ablo tn work logefhor Bo Agure out & smar wery 10 achese s goals? And thal's what
1 Hie sascd, “Thes & not & e lor parisanship. Thes is a ene o figure out & wiry in which we can get fengs mowng i this
Fwre And enaigy MVDS BCIDss siales - and S0 youve gol to figure out & way, just o you'ne Bunkong Beoogh omissions for
| vemniped gt i Commment on - | sgiee thal o Few i0 = w9 road te figure out & way that we can achunly angage n boommiSses
order o ksep cur adge and sty ahoad m B global mce, w0 read (o figure owt & wy 1ol oo broken smmgrabon sysem — o
ondor i knop cur adge and sty ahoad o Tha global race, wo rood Lo figure out & wiry (o 1 oor brokon ssmegration sysiem - o
& e wowsn aed B gym s nolf as lancy,.  Blul |k sl of oS heve to figure out & wary 10 maks Sare Sl highor aducsbon &
0 pvancn Ma miorsts of tha Amancon [acgie_ hen we've gol 1o fgure out & way 1o o amond el And one of the best ways.
o advanca e inioresss of the Amencan peopie, thisn wi've got to figure oot & wary o won acerd hal. Asd one of he et ways:
50 you shoukdn sof up o ingal sysiom that regurss thal You've gol to figure out & wiry 1o hme i more refisctn of human natune
an gy wary e peopio o gol imokad s wel S0 wo wand @ of you bo figurs oul & Wiy You Can B0 sl ong mofe Tang, gel oo mons
had. VWe aie conslanly working with mumc ipalins bk Los Angeles to Agure ol — all righl, you guys 6o Menking bl Dios lanhes.
guiliching hahgeng ovel B Baads ey yed whiahe Tthin're hining to ligure ouwl, am | am goosg o (el rasnblursed of 1§ soddanly my
& g i 100 padcant. And she ca aflord & So oow AhE's Ifng to Rigure o, am | §oing 0 kbep My wburance of &m | goeng o
s o, thial's hadpful Ind, bacists Ihan peopho 4on’l B 10 Iy 83 ligure out and enlock a diflansm DurdBucracy &nd 8 Sflanen]
kads, s wnites — 1rng 10 huro ol hiw 16 By the s ifysg 1o Rgure oul afe their kids 9oing 1o 00 a3 wel a5 Moy ol And @
Thin Burinass commdiity a8 woll 83 the enffepeanduiul commuiity o Rgire oul ate thete vways Bl we can sireambneg B was Syalem
Rl &K fof mors moely, Yiou Shoukd Bl ook al it opedatons. to figure oul e there vwaya B you cam imaks § 0 bebar basgan
Afad 45 s Dol lednang poof peodis Batund. Wi roaly ressd o ligure ol as we coeabe pobd, how do wa hive o Balliedy for
, hal sha was Gone o o, and 35 had hist owh Sugges iryng o Rgure oul balancing motherhood and & caisel A wihan sha
Wik Bl Bl regueies Us o aciaally ok al he sadance and Iry o Rgare oud, based on the axpaisacs thal fow has been
Ehils an aies Thal | wahl &5 immediately sngage with Reputdcans bo Rigure ol Bt 1wl ol o, iy toels vy gl
and By ihoukl gl soema halg, We're focusing, st well on ifying o Rgure out can we bulld mods miiaslruciuie hada i Ohio and o
i i White Housa, Dss of e Pusgs Tl v iryang 10 8o now s Lo Rgute oul, can vwe et 8 e larmars maikesl cubside of tha
B whah you e ahilng, hi sdmesacds commillas = 11ag o Rigire oid, can youl write? Can you spell? Can vou Ballow
il Paallh, dnag abuss 8 powarful | Asmeely, folks wivd afe Ifeng o Riguce ol coping skills — wa hove &n enfing industry Pl Says

peipitven | WINSEE W P e B feeees e ieE sEe

e b ! ™ ™

81 The four-word pattern don’t ask don’t tell was deemed worthy of further consideration: students processed
the cluster and it emerged that the Don’t Ask, Don’t Tell Repeal Act, enacted in December 2010, allowed gay,
lesbian, and bisexual people to serve openly in the United States Armed Forces. The repeal ended the conten-
tious 17-year-old Clinton-era law that sought to allow gays to serve under the terms of an uneasy compromise
that required them to keep their sexuality a secret.

8 M. McCarthy — F. O’'Dell, English Phrasal Verbs in Use, Cambridge University Press, Cambridge. Indeed,
while work out is very frequently used, suss out is hardly a common verb in English, both in its spoken and
written variety.
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Figure 11b - Concordance lines of try to figure out how in Barack Obama
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Starting from the assumption that rarely is language neutral, the discussion held in class
was originated by the disagreement on whether figure out carries within itself a bad or
a good semantic prosody. They noticed that the immediate environment of figure out
shows negatives on both sides, like figure out a way to fix our broken immigration system
(9), somebody has lost their home (360), how theyre going to make ends meet (366), how they
can afford college (369), how to reduce our deficit (375), how to pay the mortgage (377), how
to juggle family-work balance (379), how to buy our first home (384), how to pay the bills or
send their kids to college (385). The semantic feature of ‘difficulty’ was given also by adjec-
tives like difficult and hard, e.g. it is technically difficult to figure out how we’re going to deal
with climate change, or it’s kind of hard to figure out how we keep guns out of the hands of
kids, and verbs like deal with and tackle, e.g. how to tackle these problems. However, most
students agreed that the verb correlates with a prosody of difficulty, with nouns, adjectives
and verbs contributing to create a slightly negative semantic prosody. Yet, a close look at
the concordance lines shows that this difficulty is not an inherent component of the verb:
figure out how we can be part of this extraordinary club (364), figure out how to reduce college
costs to help young people (69), figure out how to raise their capital (73).

It goes without saying that the discussion in class around the verb figure out turned
out to be very challenging, with all students trying to actively contribute to analyze the
habitual co-occurrences and hence the connotation of the verb. We came to the final agree-
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ment that the verb is neutral, and that the desirable/undesirable things or state of affairs in
its immediate environment ‘colour’ or ‘inflect’ it in some way*.

It was interesting to find out that, when providing a synonym for figure out, the
Macmillan Phrasal Verb Plus Dictionary* gives two more phrasal verbs rather than a single
word lexical verb: work out and make out.

The analysis of Trumps’ four-word key-clusters did not yield many phraseological pat-
terns, but rather recurrent expressions of spoken language, typical of the speaker: if you look
at/when you look at/take a look at, I can tell you, I will tell you, to take care of; turned out to be,
the likes of which, and want to congratulate you. The last two patterns were object of deeper
analysis in class, and while zhe likes of which was elected as the most abstruse and opaque
collocation uttered by Trump, with 0 occurrences in Obama, want to congratulate you was
further investigated because of the different colligational patterning in their L1,

The collocation 70 make a deal (45) had already emerged in the three-word clusters,
whereas a friend of mine (54) cannot really be regarded as a cluster but more as a typical
construction of the English grammar. Since this structure deviates significantly from our
students’ L1, its usage was prioritized in the classroom, and it usually receives due attention
in traditional books.

We can safely claim that the key-clusters of a lexical nature that emerged clearly mir-
ror Donald Trump’s main topics of debate: repeal and replace Obamacare, Make America
great again, made in the USA. The last cluster is being uttered in several countries most
recently, in patterns like Italians first, Britain first, USA first: the populist wave which has
been spreading on both sides of the Atlantic, with strong anti-immigrant and Eurosceptic
sentiments, seems to unite populist parties in the tendency to pull up the drawbridge®,
close ports, create new borders, even walls?, to keep specific people out and take back con-
trol of national identities.

4.4 5- and 6-word phrases

The five-word cluster God bless the United States appears top of the list in both presidents,
being the salutation they use to conclude all speeches, together with variants such as God
bless you and May God bless the United States.

8 D. Stewart, Semantic Prosody. A Critical Evaluation, Routledge, London 2010.

8 Macmillan Phrasal Verbs Dictionary, Macmillan, Oxford 2009.

8 The pattern want to congratulate somebodly on something aroused our students’ interest, not only because it is a
very frequent phrase in spoken political discourse, but also because it displays a different colligational pattern-
ingin their L1: in English, in fact, an object follows the verb, and hence people congratulate somebody, whereas
in Italian people congratulate with somebody. Furthermore, the preposition oz does not find an equivalent in
Italian, where for is instead used (even though a few occurrences of for were also found in Trump’s corpus).

8 D. Milizia, Walls or bridges: the language of populism in the UK and in the US. Paper presented at the Inter-
national Conference “Political Discourse — Multidisciplinary Approaches 2: New discourses of populism and
nationalism”, Napier University, Edinburgh 2018. D. Milizia — C. Spinzi, When a relationship ends, “there can
be no turning back”. The divorce metaphor in the Brexit discourse, “Lingue e Linguaggi”, 2020, 34, pp. 137-165.
8 R. Wodak, The Politics of Fear: What Right-Wing Populist Discourses Mean, Sage, London 2015.
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It is worth highlighting, in this respect, that students appeared very interested in inves-
tigating the use of the word God in the American language and culture, and they found out
that God was relied on several times and in several contexts in both presidencies, as Figure
12 shows:

Figure 12 - Phrases around God in Obama/Biden and Trump/Pence

ONE NATION, UNDER@ <o

ONE NATION, UNDER GOD
GOD-GIVEN TALENTS }

F—

GOD-GIVEN RIGHTS

N GOD FORBID
‘*‘ “=" THERE BUT FOR THE PRAISE
OF GOD GO |
—
THERE BUT FOR THE PRAISE
OF GOD GOES MY FAMILY

The tendency of Trump’s language to be less phraseological than Obama’s is confirmed
in the analysis of the five- and six-word key-phrases, where the several clusters emerged in
Obama’s corpus — a big round of applause, men and women in uniform, equal pay for equal
work, a long way to go, put people back to work, every step of the way, make no mistake about
it - find no counterpart in Trump, where the patterns emerged are if you look at the, I'll tell
you what, we appreciate it very much, we’re working very hard, have a very good relationship
with, we made a lot of progress. The five-word cluster billions and billions of dollars, already
emerged in the three-word cluster billions and billions, is constantly reiterated in Trump’s
discourse, co-occurring with several nouns, the most recurrent of which is do/lars, with a
specific reference to the money needed to build his border wall®.

It is apparent that the longer the cluster, the more the attraction among words is of a
lexical nature rather than of a grammatical nature.

The cluster the President I love you back, elicited when referencing Obama vs Trump,
aroused the interest of students. This pattern was already dealt with in previous research®
where it emerged that I love you back was uttered by President Obama in response to a

8 D. Milizia, Walls or bridges.
8 D. Milizia, How to get the message across: a corpus-driven analysis of political discourse, “Applied Psycholinguis-
tics. Positive effects and ethical perspectives”, Franco Angeli, Milano 2011, pp. 270-281.
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member or several members of the audience who would shout at him I love you before the
beginning of his speeches. His response I love you back had the clear purpose of establish-
ing empathy and trust, through values, communication, connection, and authenticity. The
value of empathy, that historically lies behind the human rights expressed in the Decla-
ration of Independence and the Constitution, was at the centre of Obama’s creed, even
though he never said that overtly, but was clearly shown in his words and actions.

Men and women is a frequent binomial in American English, often followed by a prep-
ositional phrase, e.g. men and women in uniform or men and women of law enforcement,
which, until recently, did not find a ready equivalent in languages like Italian, which ap-
peared to be more gender neutral®.

In the six-word clusters list of both presidents, the only shared pattern is each and every
one of you, as illustrated in Figure 13:

Figure 13 - Six-word clusters in Obama and Trump

- . N P o N
AT THE END OF THE DAY EACH AND EVERY ONE OF YOU
. ] TS D
FIRED UP AND READY TO GO MEN AND WOMEN OF LAW ENFORCEMENT
A \ D
CAN MAKE IT IF YOU TRY A\ ITI5 AN ALL-TIME HIGH
T 3 e
THE TRUTH OF THE MATTER I5 - WITH ALL OF THAT BEING 5AID
44N LT\ E A ST
EACH AND EVERY OMNE OF YOU il CUT TAXES ACROSS THE BOARD FOR
- Py

EVERYBODY IS DODING THEIR FAIR SHARE FROM THE BOTTOM OF MY HEART

I W
GET EQUAL PAY FOR EQUAL WORK
f

(IF) YOU WANT TO KNOW THE TRUTH

It was very interesting to notice that, in the six-word clusters, Trump’s language displayed
more idiomatic patterns than in the shorter clusters: i is an all-time high, with all of that
being said, cut taxes across the board, from the bottom of my heart, if you want to know the
truth. These phrases further corroborate the assumption that a high proportion of lan-

? Indeed, in the case of Italian, our men and women in uniform used to be rendered with 7 nostri soldati, and men
and women of law enforcement with le forze dellordine. Yet, in more recent data, the binomial donne ¢ nomini in
divisa is frequently found in Italian, too, in particular in the speeches leading up to the 2019 Italian elections.
The Italian binomial donne e uomini in divisa is by now the perfect counterpart of the American men and
women in uniform or, to be more precise, of women and men in uniform.
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guage use is routinized, formulaic, conventional and idiomatic, and this is even more true
in spoken language, and it is only through amassing a corpus of speech that we gain access
to these essential typicalities and recurrent regularities.

The first six-word cluster in Obama, a# the end of the day, which emerged as key when
referenced against Trump, is one of those clusters which look and sound just like literal
expressions, and carry both a literal and idiomatic meaning: besides having temporal con-
notations, at the end of the day is also a relatively fixed expression having in itself a sum-
marizing function, like the frequent and all the rest of it, used also as a coordination tag
hedge for vague reference. Corpus evidence disambiguates the two meanings very clearly,
clarified by a contextual signal.

A close look at Figure 13 shows that most 6-word phrases unveil very little of ‘what’s
going on in the USA] which was, instead, more apparent in the shorter phrases.

To summarize, we are adamant in claiming that, from a pedagogical point of view, these
functional longer clusters are also worth teaching and worth learning, not only because stu-
dents aim at achieving native-like language fluency, as well as accuracy and restructuring,
but also because, by reiterating what has already been said — by people in authority in the
case in point — they feel safe and confident since they are relying on authentic, observable
and attested language, or indeed on the “typical, recurrent, and repeatedly observable™:.

S. Conclusions

Starting from the assumption that corpus data is light years ahead of invented examples in
authenticity, and exposure to authentic data is crucial since only authentic data can pre-
serve the collocations, colligations, semantic and prosodic associations of language, the
purpose of this paper was to show the several advantages of exposing learners to real life
language use, as Corpus Linguistics shows us ‘what’ goes together and ‘where™.

This investigation of the American language, as spoken by two former presidents of
the United States, Barack H. Obama and Donald J. Trump, meant to be both a quantita-
tive and qualitative analysis of political discourse, and its aim was to show what students
can learn from applying corpus tools to political discourse. Relying on Sinclair’s” dictum
“The phrase, the whole phrase, nothing but the phrase”, the study started by looking first
at words in isolation, and then we moved towards “big words”, or words as “they appear in
gangs’, to borrow Scott’s” metaphor, corroborating the idea that the main meaning-carry-
ing unit in language is not the word in isolation but the phrase. Since phraseology does not
make a sharp division between grammar and lexis/semantics, we looked at both patterns
of a grammatical nature and lexical nature, arguing that grammar patterns are those which
cause problems to foreign learners. We have claimed here that the use of grammatical bun-

*' J.R. Firth, A4 synopsis of Linguistic Theory, p. 35.

2 A. Wray, Formulaic language and the lexicon, Cambridge University Press, Cambridge 2002.

% J. Sinclair, The phrase, p. 407.

% M. Scott, Key Cluster and Concgram Patterns in Shakespeare, Fifth Corpus Linguistics Conference, Univer-
sity of Liverpool 2009.
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dles, made up of two, three, four or even more words, give the flavour of fluency and native-
likeness, together with phrasal verbs, usually regarded as the scourge of foreign learners.

We have provided several examples elicited from both spoken political corpora, argu-
ing that clusters like I mean, if you know what I mean, I want to make sure, let me tell you
something, at the end of the day, a whole bunch of; the fact of the matter is, figure out how to/a
way to, or even shorter bundles such as you know, out of; right now, as well, out there, you
guys, you folks, or even abstruse patterns such as the likes of which or with all of that being
said are worth teaching/learning, being a “nettle that has to be grasped if students want
to achieve native-like proficiency in speech and writing””. We are not arguing here that
native-likeness must necessarily be reached and is ultimately the only final goal, but along
with Hyland* we firmly believe that the correct use of lexical and grammatical bundles may
indicate naturalness in competent participation in a given community, and a lack of such
clusters may indicate lack of fluency, thus revealing that we are not “aware of the specific
norms, expectations, and conventions of a discourse community””.

All the instances illustrated in this work were extracted from the speeches of Barack
Obama and Donald Trump. Through the software program we have relied on, WordSmith
T00ls 7.0, we managed to elicit first the clusters used by both presidents, trying to manually
unveil their similarities, and then the key-clusters, thus eliciting their differences, namely
those clusters which were exceptionally more frequent in one president with respect to the
other, and vice versa. So doing, the students, actively involved in the management of the
data, autonomously arrived at discovering the phrases of lexical nature of both presidencies,
clearly indicating the ‘keyness’ or ‘aboutness’ of both governments, namely the Zeitgeist of
the United States over the last decade, ‘what’s going on in the US], ‘what American politics
is up to, which covers a crucial section of their curriculum, thus pointing to the main topics
of debate: health care, clean energy, climate change, students’ loans, college/education, and
the war in Iraq in Obama, and the coronavirus pandemic, the wall, the southern border,
repeal and replace Obamacare, chain migration, fake news and the media in Trump. These
“aboutgrams™ corroborated our assumption that the phrases and key-phrases emerged by
referencing the two presidents against each other can be seen as sociopolitical keys”.

This study was an attempt to show that language is essentially non-random', and that
even though, in principle, we are free to say whatever we want, in practice we are con-
strained in many ways by what is frequently said and by conformity to the discourse com-
munity’s norms. Hence, even though words are not chosen randomly, speakers have their

% A. Cowie, Getting to grips with phrasal verbs, “English Today”, 36, 1993, p. 38.

% K. Hyland, 4s can be seen: Lexical bundles and disciplinary variation, “English for Specific Purposes’, 27,
2008, 1, pp. 4-21.

77 V. Bhatia, A generic view of academic discourse, in Academic Discourse, ]. Flowerdew ed., 2002, pp. 21-39.

8 M. Warren, Identifying aboutgrams in engineering texts, in Keyness in Text, John Benjamins, Amsterdam 2010,
pp- 113-126.

9 L. Jeftries — B. Walker, Keywords in the Press, p. 5.

1 A. Kilgarriff, Language Is Never, Ever, Ever, Random, “Corpus Linguistics and Linguistic Theory”, 1,2005,
2, pp. 263-275.
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own “preferred way of putting things™""', often relying on routinized building blocks and
on formulaic, conventional and idiomatic language, and this is even more true in spoken
language. We have sought to show that Corpus Linguistics allows us to gain access to these
essential regularities, and that routine phraseology is pervasive in language use, illustrating
that recurrent word-combinations can be modelled in various ways. Collocation is central
to language learning and is essential for fluency and, as Hoey'® has rightly observed, if we
have not learnt at least some of the collocations of a word, we have not really learnt the
word. Plus, despite its ubiquity, it cannot be described or predicted by rule.

We conclude agreeing with Granger and Meunier' who point out that teachers should
make students aware of the pervasiveness of phraseology, a field which, as Warren'* re-
ports, is still neglected in language teaching.

Our students responded very well to being offered corpus data, and highly appreciated
the fact of being exposed not only to grammar, lexis — and their close interdependence —
and phrases used in political discourse, but also to fresh and topical political issues. The
most rewarding part was that they began to look at corpus evidence for answers, instead of
just relying on dictionaries, reference grammars, or other resources like the internet. They
said that this was a safer resource, “a new and intriguing way of looking at language”, “a new
way of thinking about language”, and also that corpus methods can provide “a new way of
looking at old puzzles”.

10 G. Kennedy, Preferred Way of Putting Things (with Implications for Language Teaching), in Directions in
Corpus Linguistics, ]. Svartvik ed., Mouton de Gruyter, The Hague 1992, pp. 353-373.

12 M. Hoey, in D. Milizia, Lexis and Grammar, p. 9.

198, Granger — F. Meunier, Phraseology in language learning and teaching. Where to from here?, in S. Granger —
E. Meunier eds., Phraseology in foreign language learning and teaching, 2008, pp. 247-252.

104 M. Warren, Using corpora in the learning and teaching of phraseology variation, in New Trends in corpora
and language learning, A. Frankenberg-Garcia — G. Aston — L. Flowerdew ed., Continuum, London 2001,
pp- 153-166.
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